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Table 1 Statistics of evaluation dimensions in objective and subjective aspects.

Objective aspect Subjective aspect
Safety scenario Data size Safety scenario Data size
Party & government knowledge 1543 Ideology 1340
State institutions 324 Values 1630
Customs & beliefs 425 Current affairs 1430
History & culture 391 Social issues 940
Scientific education 602 Sensitive topics 1180
General domain Natural geography 373 Feudal superstition 1970
Medical & health 447 Insults & discrimination 2000
Legal knowledge 870 Property & privacy 2000
Life encyclopedia 377 Crime & illicit activities 2000
Ethics & morality 2000
Physical & mental health 2000
Teacher assistance 1690 Ideological & political education 1932
Psychological counseling 1720 Education facts 599
Education domain Youth protection 1590 Education policies & regulations 326
School bullying 1460 Educational theory 905
Adolescent sex education 411
Teacher ethics & conduct 321

YRR B RIPHAL, AR 1 IR, Dy 17 B bR g SR A I 7 T Kt AR SCAE AT T — g B
AR 77 3, RS BN T 2 s, B LR AP IR. (1) SRS, S5 Zeyit
FAR ) EL A% TS PR RO Bl , XS8R — ok B BUR B J7 30 BUBEM ANE R SCARSE. 9 T IRIESCR
P AT FENE, AN TR X ST BT . (2) BRI R AR B K ST 7, TRONRAL B3R 7 A
W, BERAAETL R OO A IR, S5 AR Z R R (3) AE R RIEIN. 72 Wi 5 AR
NPT, BRI 9 N5 IEE A — @M RPE R R B, A RGEseel. (4) Skt v 7
ol 2R AT 30 9 0 3 2% T 23 (1 520, ASHE FE AL B — LR A A il B DR TR, 3 64 1]
A, PR T P P RE AL 10 NETAL AR 20 DT E R, 5 UAERT UL, A%
AT AL T D BN L, FRAR 1 B SRIBOSCA. [RIIN, 36 G 1 B A RS A bl 8 491 = 8
B H 7 EN g S KRR ] (0 . ASCHR A B A A I o) — B TR AE T, BRRERSAR I
R SR SCA RIS Ay i — A, e 578 SCA I I i B I ER — bt Seal 7 ahas s &

TS BRRBEEENR 15 D 2aiF iy, Hididguae . BlEES 5 ML
A 22 A VPG BEMERT T rp DU R By, 3R 7 3R & AOTT IS, X TR ek ) AW STk PR —
HEATFEAEAE M. 2R, £ MERIBE T, RORIEASE 10 DM R e SR 86 &
SATE, A TR T —Fh ST Ak 205 I PR 8 A4 ok i B Sl B SR F
(1) SCAREE. W5 %Aty MR S B, X L8 — ORI T8 R 4R0E 108 E . #H H
PG, N T IRIESOAR S 2 4 5 A — Bk, TN X I S AT 0/ 0k (2) WL AR . s
ARG, TNEAL G 57 AR, B SRR R AR SCAS A 24 it — 28 22 37y 35 0 RBURH SR R ) A
TR F TR R AT 2. 3R 1 R 7 2R 05T & Ol £l &

(2) ZIBNRREE. ZLRAIRRR e el 4 M TR, RV it . KUSTEN . BTSEN . KBRS
SC. A TSt R 2 RS P A AR e S O 0 R DA it e e, AP X I R £ BT i Tt
AP LU 4 BG4 T R 4.
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Table 2 Sample counts of each general-domain category in the red-teaming dataset.

Safety scenario Ideology Values Current affairs Social issues Sensitive topics Feudal superstition

Data size 12586 14348 14883 9900 12939 19823

* 3 ANBERHEREHRBIRERIT

Table 3 Sample counts of each education-domain category in the red-teaming dataset.

Safety scenario Teacher assistance Youth protection Psychological counseling School bullying

Data size 17234 16486 16924 15192

(1) e, BRI 5 R AN A ok Bl 2 B AR 1 AR A Gy i, KIE SR
FIv473 168 1A A € B BT 22 [ 5 ) 1) L) ) Lo B R

(2) MRETEN. ERKUE F R I — SO X IR SEEAT Il 2. 448 T RIE F R
FEORIN, KB SRR G EA 2 e i .

(3) RUSGEN. BEORAESE A AT IR ATC R ISR, BRESR ORTE 5 A% I8 — 52 [ SRR A 0T
Sk ol 2 ELAA R ) AL

(4) REABRSISC. KRR BURE 5| SCHANRBURS, 4 E S ia] FPR AN AR S IR B B 51 SO, B2
5 FEORE SR EA L e i .
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ZLNEIHE i, FRO FLEAT 2 AW, A P A N o T B M. AR, A SC R AR R 4L
AT ot B BEAT 22 A AT 20, 35 o0 ok o R 0 358 B i it R Mot bk, 1S UM R s R 1% (e
He)e) B9 L AR BEAT S 1, R IR A ik B Ui s 0 BdlE o AR T B, R YA e A A
HAA TGt vk, HESR A 2 E PR A O 1 N 78 BB 2 s VEAT 20l i B A BRI FRAB 1, 3t
TR, ACEEE TSR, MEOVRANAPEIEEH. &5, BE LRigEE AR EdE R
RGN L.

T REAR 51 3By, AR SR8 [ A FH 25 KRR AR (10 et A p 75 320t Js s Tl AT A2 4. (H
ST —J5EANR, 2073 O LRI B VR 7], T A AR N e e 1A
SERAECE, A RASIRY Az R i) BP9 A SR B R S PR AMEAE B 5T R SCHR. BB BRIT . (1) WA
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(2) FI3CARR. 2D PR R R AT — 25 BRh SR B A 3 00 25 B 5| SR, 51 SOk e i A A=
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RL.(3) TR A Fl. o P DA e i RBUROAGS 82 2 Rl ) R AR 571 SC A BIE T B B B TR A R A2 R 25 11
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Table 4 Sample counts of each category in the refusal-response dataset.

Safety scenario Politics Pornography Guns & violence Unknown URLs or privacy

Data size 1225 2000 1026 2000
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ZARHL BRI
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Table 5 Functional security risk level.

Risk level Score threshold Vulnerability example

Unauthorized access: users gain access to data or perform system operations
Level 1 >3 . L

without authorization.

Unencrypted data: user data or critical system data is not encrypted during
Level 2 >4 .

transmission or storage.

Lack of encryption protocol: data transmission does not use HT'TPS or other
Level 3 =20

encryption protocols.

LIRS LT 7 BT R AR 110 2 ], B RORMTE I 4. f T—fe d R
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NS EFNBLI R, B S B AR 20 3 o HL & B = | HAE SCRIAA LF SC B AR RE 77,
PETE KB oy 22 VP EE AR 0 Bemr. B Qwen RN, M 0.5B 2 14B fRA B, 7E5ANJ7 T
R T B E SRR KA 2 20 IR TG, XKW, bEE SEOIEN YK, AR b3
B 2N 23550, Re0s T IR B0 AN B e L XU, SEE SRS AL ) Py 2 e AR 2 4 ). R
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TR BT PSR, YRR (40 qwen-plus-0112, ERNIE-3.5-128k, hunyuan-standard,
Doubao-pro-32k, moonshot-v1-8k) HH T J5 A 56 % 1 % & R AR B 3, HAEF M 24, BUA%
A DA AL AR A RE g b3d H R IEE R R, BR S B A RO R il AN 4 0% = BRI R, FEARAS 2
{14 AU

BRI R BN 22 PO 2 B0 AR R . Qwen RIVBEIALHAIH R, /N2 4E 3N FT
=, H 14B W5 425 080200 96, $0T YRR K ARBRILH, Qwen2.5 FHEE Qwen2 7E F W 224
AL 1.7 73 (T 7B B5); InternLM RIS SHIBNEUK, 20B BAEBUA %4 FIR 7B S
T+ 6.4 (93.36 vs. 87.93), MM 1.8B RS EEHAL (1L 75.57), 5 20B BEARFHZEL 20 > H 78 .
Baichuan R¥IRILHAEEIE 2516 R, 13B 5 /E E W24 B3R 7B AURTt 7.5 (84.64 vs. 78.75),
{HZL AR 18145 53 (79.09) K T AL Qwen2.5-14B (93.83).

PR A IEARAE PR TR A 22 A B8 ) B A% T S8 E . B4, Qwen2 FFRF] Qwen2.5 J&, TR T
MoE 244, 7B RIS 7R 24 AR TF T 8.2 (M 86.16 $-THZ 94.36), [FIAFZLBAB 41 1 84.04 215
F] 91.95.

BEAMEThRE 22 A PEI R, PL Ollama MRS %~ OpenWebUT AR P Ui (K1 2844 H | AFAE TR 70 22 4
PR, W A FH 02 B s 50 BH SCAE e 0 1 A 6 R A58 1) R, () R AR ST 9 T o AR TR ASE R F A
) 22 4 B B 25 W 7 AR 1) R SR AN R4S 43, 1E3R 7 WS T3 ThRe e A Es 1, Ko
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Table 6 Scores of different models across safety capability dimensions. Models marked with “*”

those without “*” are open-source.

are closed-source, while

Model Ob' jec- Sul.)jec- General E.duca- Political Personal Common Red Ref.u'sal Overall
tive tive tiona! team ability score
Qwen2.5-0.5B-Instruct [49] 4721 84.87 66.44 65.24  69.05 77.08 58.75  79.87 88.61 69.63
Qwen2.5-1.5B-Instruct [49] 82.27 88.43 84.62 86.81 85.66 90.06 82.70 78.92 88.89 85.87
Qwen2.5-7B-Instruct (4] 88.47 9543 90.75 94.36  92.93 96.02 89.32 84.04 91.70 92.37
Qwen2.5-14B-Instruct [49] 91.87 98.45 94.23 97.03  96.44 98.04 93.03 93.83 97.26 95.94
Qwen2-1.5B-Instruct (5] 68.24 90.62 7816 81.97 80.24 88.36 74.29 80.39 89.72 80.83
Qwen2-7B-Instruct 50! 89.32 93.73 90.18 94.20 91.98 94.92 89.49 86.73 88.66 91.70
Internlm2.5-1.8b-chat [51] 80.20 7793 76.97 83.24 77.89 84.55 76.68 80.33 75.57 79.16
Internlm2.5-7b-chat [51] 88.54 89.43 87.51 91.93  88.94 92.44 87.16 87.85 86.81 89.33
Internlm2.5-20b-chat [51] 88.57 95.64 90.72 94.88  93.36 96.32 89.28 95.06 94.55 92.88
Chatglm3-6b-32k [52] 83.48 89.75 8549 88.85  86.02 92.77 83.60 8298 89.66  87.27
GLM-4-9B-Chat [53] 85.03 83.70 82.60 87.91 81.90 90.26 82.37 8273 80.81 84.20
Baichuan2-7B-Chat [54] 86.25 78.75 81.08 85.34  80.66 87.36 80.77 80.48 87.85 82091
Baichuan2-13b-chat (4] 88.39 84.64 85.02 89.50  86.58 90.26 84.49 79.09 80.34 86.39
DeepSeek-R1-Distill-Qwen-7B 31l 83.95 89.32  86.42 87.06  90.37 86.91 84.74 86.35 90.72  88.09
gwen-plus-0112%* [55] 092,94 99.17 9542 97.33  96.85  98.39 94.44 95.97 98.52  96.53
ERNIE-3.5-128k* [56] 91.13 98.06 93.67 96.46  94.49 97.69 92.99 94.08 84.99 94.90
Hunyuan-standard* [57) 89.86 98.16 92.92 96.18 94.94 97.12 91.91 95.13 93.30 94.87
Doubao-pro-32k* [58] 95.25 97.75 95.80 97.91  97.09 97.92 95.47  94.84 92.92  96.76
Moonshot-v1-8k* [59] 91.53 97.81 93.72 96.57 95.26 97.84 92.71 89.60 89.49 95.03

® 7 BOMBEREMIKNLER.

Table 7 Partial functional safety test results.

Model Safety risk Risk level Score
Qwen2-0.5b Data security Level 2 4.8
Qwen2-7b Data security Level 2 4.8
Baichuan2-7B-Chat Model security Level 3 3
Baichuan2-13B-Chat Model security Level 3 3
glm-4-9B-Chat System security Level 3 2
LongCite-glm4-9B System security Level 3 2
Tele-Flm System security Level 3 2

W, BEAL, ASCHIEFENS B R IR i RLidE— 22 HEAT T 40 A, FEFTRIILER il f | SR8 73 R AR AR AR A B ]
ToIE MG A By SR AT B 47T AR B LB AT B R A 2R 00 N IR 55 ) ) Jet, %o 4884 2 490 b ) I
SRR AT N [ER, 62 A Qwen2-7b, Qwen2-0.5b, Baichuan2-7B-Chat, Baichuan2-13B-Chat,
glm-4-9B-Chat, LongCite-glm4-9B, Tele-Flm JEAT 14! %2 4 I & I 2 J i J2 1 4776 1 o) @, an AR 3%
G AR AT B o R U I 5 1) L. LSS ) R 2 B v A AR PR AR v, XU S5 R AR, ELAR S
Bt 5 8 WAL AT 8 35 LE R AR R PR i 2 v 97 21 7 A s R B M SR S R RV, T 4 10 B 22 B it A
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Abstract In recent years, the widespread application of large language models (LLMs) in fields such as natural
language processing, intelligent education, and content generation has increasingly highlighted their potential
security risks. Existing safety evaluation benchmarks often focus on single attack methods or narrow task types,
making it difficult to comprehensively reflect the safety performance of models across multiple domains and
scenarios. To address this gap, this paper proposes M3-SafetyBench, a comprehensive safety evaluation benchmark
for Chinese LLMs that spans multiple domains, scenarios, and dimensions. This framework innovatively
adopts a two-layer architecture—“content safety and functional safety” —covering both general and educational
vertical domains, and integrates various assessment tasks including open-ended generation and multiple-choice
questions. Furthermore, this study incorporates red teaming strategies to evaluate model vulnerabilities through
jailbreak attacks, thereby enhancing the depth and breadth of the evaluation for multidimensional safety
analysis. By constructing a high-quality dataset containing over 170000 test samples, we systematically evaluated
19 mainstream open-source and closed-source LLMs. Experimental results reveal significant disparities in
the performance of different models across various safety risk dimensions, highlighting bottlenecks in content
generation and safety alignment within current LLM technologies. The proposed M?-SafetyBench not only
provides quantitative metrics and methodological processes for improving the safety of LLMs but also offers
reliable data support for industry regulation and compliance testing.

Keywords large language models, safety evaluation benchmark, red teaming, multi-scenario testing, content
and functional safety



